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Sea cucumber is the major tonic seafood worldwide, and
geographical origin traceability is an important part of its
quality and safety control. In this work, a non-destructive
method for origin traceability of sea cucumber (Apostichopus
japonicus) from northern China Sea and East China Sea
using near infrared spectroscopy (NIRS) and multivariate
analysis methods was proposed. Total fat contents of 189
fresh sea cucumber samples were determined and partial
least-squares (PLS) regression was used to establish the
quantitative NIRS model. The ordered predictor selection
algorithm was performed to select feasible wavelength regions
for the construction of PLS and identification models. The
identification model was developed by principal component
analysis combined with Mahalanobis distance and scaling to
the first range algorithms. In the test set of the optimum PLS
models, the root mean square error of prediction was 0.45, and
correlation coefficient was 0.90. The correct classification rates
of 100% were obtained in both identification calibration model
and test model. The overall results indicated that NIRS method
combined with chemometric analysis was a suitable tool for
origin traceability and identification of fresh sea cucumber
samples from nine origins in China.
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1. Introduction

Sea cucumber is a typical bottom-dwelling animal which pertains to the phylum Echinodermata
(Aspidochirotida: Holothuroidea). Apostichopus japonicus, a species of sea cucumber mainly distributed in
northern waters of the western Pacific, has a long history of dietary and medical uses in Asian countries,
especially in China, Japan and Korea, owing to its various healthcare functions, including anti-tumour
[1], immunoregulation [2], anti-atherosclerosis, antioxidant and antiapoptotic effects [3]. In China, there
are more than 20 species of edible sea cucumbers widely distributed in the areas of the Yellow Sea, the
Bohai Sea and the East Sea. Among them, the Yellow Sea and the Bohai Sea are primary producing areas
famous for the high quality of sea cucumber, such as A. japonicus, which is one of the most valuable
species and possesses large market share in China.

Since sea cucumbers of the same species growing in different sea regions have different qualities
and medical applications, and they are easily confused, difficult to be identified by sensory methods
(sight, smell, taste, etc.), the origin of A. japonicus is considered to be a main factor influencing the
price and consumer preference. For making exorbitant profits, many tortious acts such as confusing
origins of products, selling seconds at best quality prices and adulteration are increased noticeably,
and the resulting unscrupulous competitions have damaged consumer benefits and the reputation of
geographical indication sea cucumbers. With regard to these severe food safety problems, the urgent
countermeasure is to establish rapid and feasible methods for source identification and traceability of
sea cucumber.

Many research works have been carried out for origin traceability and identification of sea cucumber.
Multi-element analysis with pattern recognition techniques [4] and the stable isotope ratios and fatty
acid (FA) profiles analysis [5] have been used to evaluate the applicability in the origin traceability of
sea cucumbers from different sampling points in China Sea. Diffuse reflectance mid-infrared Fourier
transform spectroscopy [6] and species-specific polymerase chain reaction method [7] have been used for
rapid identification of dried sea cucumber products from different geographical areas. These traditional
methods are precise and reliable; however, most of them are often time-consuming and sophisticated, or
require complex pre-processing [8,9]. Hence, rapid and accurate control methods are usually preferred,
and one of the most frequently chosen and proposed method is near infrared spectroscopy (NIRS)
technology. NIRS combined with chemometric methods is time-saving, cost-efficient and without the
need of tedious sample preparation, and it has shown a good adaptability in authentication [10,11],
origin traceability, discrimination on food safety problems [12-15], qualitative and quantitative analysis
of natural products [16,17], pharmaceuticals [18-20], as well as monitoring and controlling product
quality in agri-food processing [21-23]. In recent years, many studies on the quality control of seafood,
distinction of geographical origin and content determination by NIRS have been reported [24-27].
However, the identification of the geographical origins of fresh sea cucumber using NIRS has not been
reported so far.

Chemometric methods offer more possibilities to analyse a large amount of data obtained by NIRS.
One of the main issues of NIRS model establishment is to select the most informative wavelength
regions. To extract the effective information and to remove irrelevant features, various methods have
been developed, and one of these approaches is the ordered predictor selection (OPS) algorithm [28]. OPS
has been used to select wavelengths for NIR analysis of coffee [29] and chemicals [30]. In our preliminary
experiment, the result reveals the difficulty of choosing satisfactory wavelengths for identification of
fresh sea cucumber. In this study, we intend to take the total FA content as the index for the wavelength
region selection for identification model establishment by OPS, because the total fat contents and
profile have been successfully used as biomarkers to confirm and trace the geographical origins of
A. japonicus in some reports [5,31]. The principal component analysis combined with Mahalanobis
distance (PCA-MD) algorithm and the scaling to the first range algorithm [32] have been successfully
applied in our previous work for origin traceability identification of Chinese propolis [12] and Corydalis
tuber [33], respectively. In view of the power of these methods in identifying the origins of natural
products with complex components, they were adopted as identification chemometric methods in
this study.

To supply a new access to develop rational quality standards for improving the quality control of
various sea cucumber (A. japonicus) origins, the major objective of this study was to develop a rapid,
cheap and non-destructive method for identification of fresh A. japonicus from nine sampling locations
in northern China Sea and East China Sea by using NIRS. The detailed aims of this study were to (i) select
suitable wavelengths which could give best results for origin identification of A. japonicus by using OPS
algorithm, (ii) establish NIRS identification model with PCA-MD and scaling to the first range algorithms
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to identify origin of A. japonicus and (iii) develop NIRS quantitative model for contents of total fat in
A. japonicus with partial least-squares (PLS) regression.

2. Material and methods
2.1. Apparatus and reagents

The NIR spectra of A. japonicus were collected using an MPA™ Fourier transform near infrared
spectrometer (Bruker Optics, Germany), which was equipped with reflectance fibre-optic probe, indium-
gallium-arsenide (InGaAs) and lead sulfide (PbS) detector. Data analysis was performed by Matlab 7.1
software and OPUS 6.5 software from Bruker Optics. OPS algorithm was performed using OPS_Toolbox
package, which was available at www.deq.ufv.br/chemometrics.

Methanol and chloroform (Merck, Germany) were of HPLC grade. The other chemical reagents used
in the experiments were bought from Energy Chemical Corp. (Shanghai, China). Ultrapure water was
produced by a Milli-Q water system (Millipore Corp., MA, USA). N» (99.999% purity) and He (99.999%
purity) were provided by Junfeng Gas Co. (Dalian, China).

2.2. Sample collection and preparation

We collected 189 A. japonicus samples (3-year-old adult individuals) from nine habitats of three water
environments, including main producing areas of A. japonicus of the northern China Sea and the East
China Sea. All the samples were grown in 30 m depth deep sea and were not artificially fed. The detailed
information is listed in table 1 and locations of sampling sites are shown in figure 1. All samples were
dissected as soon as they were caught, and their digestive tracts were cleared away immediately. The
body walls were kept in a freezer at —20°C during sampling and 2-day transport to laboratory. Then,
each sample (body wall) was transected into two even parts (Part-A and Part-A’). Part-A was used
without any pretreatment prior to spectrum acquisition, and Part-A” was used for determination of
total fat contents. Completely frozen Part-A’ was freeze-dried at —50°C for 48 h, and the dried samples
were pulverized with a mortar and pestle, passed through an 80-mesh sieve, and then stored under dry
conditions.

2.3. Spectra collection

To minimize the deviation caused by human factors, each A. japonicus sample was placed into a test
tube with 1.2 cm inner diameter, and the reflectance fibre-optic probe with 1.1 cm diameter was plugged
into the tube and ‘fixed” tightly on the surface of the sample to record NIR spectra. Each spectrum was
measured in diffuse reflection mode in the range of 800—2500 nm with a 2nm spectral resolution and
an average of 64 scans. A background spectrum was recorded prior to analysing each sample. The
temperature was kept around 25°C and the humidity was kept constant. The original spectrum for
establishing NIR model was the average of three spectra recorded in different sites of each sample.

2.4. Quantitative analysis of total fat contents in Apostichopus japonicus

FA analyses of the samples were carried out according to Zhang et al. [5] and Xu ef al. [31]. The Folch
method of lipid extraction [34] was used in this study for total lipid extraction from A. japonicus. The
powdered sample (0.5g) was added to 10 ml of chloroform—methanol solution (2:1, v/v), and extracted
by mechanical shaking for 30 min at 37°C, and extracted overnight, and then filtered. The extract was
washed with 1/5 vol of 0.88% NaCl solution and left to stand for separation. The chloroform layer was
collected, dried by anhydrous sodium sulfate and then concentrated under a nitrogen stream to obtain
the total lipids fraction.

A 20mg sample of the total lipids was dissolved in 1ml of 1% sulfuric acid-methanol solution in a
60°C water bath for 60 min to carry out methylation and then cooled. Subsequently, 1 ml of n-hexane
was added, and the mixture was sonicated for 30 s and then left to stand. The supernatant was reserved
and analysed by an Agilent 7890A /70008 triple quadrupole gas chromatography/mass spectrometry
(GC/MS) instrument equipped with a capillary column HP-5 (30 m x 0.25mm ID coated with 0.25pm
film thickness; Agilent, Santa Clara, CA). The programme of temperature was as follows: 70°C for 3 min,
held at 220°C for 33 min after increasing at a rate of 3°C min~!. Temperatures of the injector and detector
were set at 220 and 280°C, respectively. The injection volume was 1.0 ul. The carrier gas was He (99.999%
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Figure 1. Sampling locations of A. japonicus from the Bohai Sea, Yellow Sea and East China Sea.
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Table 1. Information of sea cucumber A. japonicus samples collected from different origins of China Sea.

latitude— average
longitude sampling length average
water environment  origin pairs number  time (cm) weight (g)
Yellow Sea Changhai (H 39°1542.8'N, 22 Nov 2015 1534+£29  NM44+123

122°36'1" E

e Wanfangd|an ......... W 9°46’3”N ........... S PR TR
121°29'31" E

e Zhangz||s|and ....... ZZ?,9°1/8”N .............. B PR T
122°45'34" E

e e PLD39°26’54”N .......... S PR T ST
122°2232" E

e ngdao ................. 0035055/57”\] .......... B s TR
120°21'44" E

e o R536°46’46”N ......... L s TR
121°34'59" E

e G YT37°26’54”N .......... G s s ey
121°2619" E

e La|zhouLZ37°15/34”N .......... S s TR
19°52'22"" E

T X|apu ..................... o 6°52/54”N .......... B s T ST
120°5'47" E

purity), introduced at a flow rate of 1.2ml min~! in constant-flow mode. For MS measurement, the

transfer-line temperature was 250°C, and the ion-source temperature was 230°C. Ionization of samples
was carried out in electron ionization mode at electron energy of 70 eV. The GC retention time and the MS
spectra of samples were, respectively, compared against the GC retention time of Supelco 37 Component
FAME Mix (Supelco, Bellfonte, PA) and the MS spectra of a standard library (NIST2010) to determine
the types of FA. Total fat content value was defined as the sum of the identified individual FA value and
reported as mean values + standard deviation, and analysed by one-way analysis of variance (ANOVA).



Significant differences were determined by using Tukey’s honestly significant difference (HSD) post hoc
test (SPSS Statistics 20.0).

2.5. Chemometric processing

To establish a feasible NIRS identification model and PLS model, pre-processing methods were applied to
eliminate unnecessary physical information and magnify relevant variations in original spectra. Different
pre-processing methods were compared in accordance with their predictive performance, including the
first derivative (FD), second derivative (SD), standard normal variate (SNV), [35] multiplicative scatter
correction (MSC), [36] vector normalization (VN firstly, the spectra are centred; then, the sum of all
squares of all Y-values is calculated, and the respective spectrum is divided by the square root of this
sum; the vector norm of the resulting spectrum is 1) [36], and SD-VN. To avoid enhancing the noise by
SD, spectra were smoothed at first by Savizky-Golay (S.G) smoothing algorithm [37].

In this study, visible and short wavelength region (800—1000 nm) was excluded due to the high level of
noise caused by instruments. The region of 1800—2500 nm was not applied on account of the absorption
spectra were truncated as small amount of low energy light, which could not pass through the samples,
meaning absorption spectra above 1850 nm showed stray light [38,39]. The OPS algorithm was applied to
select suitable wavelength regions for PLS regression of total FA contents. Then the selected wavelength
regions were used to build identification model. The NIR spectra were organized into a matrix format
X(m x n), and matrix X was transformed into matrix X, by using pre-processing method. Total FA
content values were arranged as the dependent variables (y), and the pre-processed spectra (matrix X;)
of A. japonicus samples were used as the independent variables to develop PLS regression model. To
validate PLS model, leave-one-out cross validation was used, and the dataset was split as follows: 148
samples were randomly selected to be calibration set, and the remaining 41 samples were arranged in
test set.

A ‘two-step” NIRS identification model (Step I tandem Step II model) was established for classifying
the origins of A. japonicus samples. The 144 samples were used to establish the calibration model, and
the remaining 45 samples (five for each origin) were used for validation. One hundred and forty four
samples were classified by Step I model at first, and the unidentified spectra were subsequently entered
into the tandem Step II model for further classification. The optimum factors for model establishment
of each step (pre-processing method, wavelength regions and identification chemometric method) were
selected, respectively, that would enhance the predictive ability of NIRS model.

PCA-MD algorithm and scaling to the first range algorithm were used in Step I and Step II models
as the identification chemometric methods, respectively. The detailed formulae could be found in [33].
Selectivity (S) was used to evaluate the discriminating ability of identification model, which had been
successfully used in our previous work [33,40,41]. S > 1 means the classes can be completely separated;
S =1 means the classes are in contact; and S < 1 means the classes are overlapping. The larger the S value
is, the better the discrimination result is, and the more accurate the prediction model is. S is calculated
by formula (2.1), where D denotes the distance from the centre of one category to another. The distance
between the unknown spectra and the average spectrum in calibration set (Hit) is calculated, and the
threshold for each category (D) is calculated by formula (2.2), where Spey is the standard deviation of
Hit; Q is a coefficient, and 0.25 is usually selected [12].

D
S=——— 2.1
D11+ D12 @1)
and
Dr = Max(Hit) + QSpey - 2.2)

3. Results and discussion

3.1. Quantitative analysis of total fat contents by gas chromatography/mass spectrometry

According to the method described in §2.4, the determination of total fat contents of A. japonicus body
wall from nine origins by GC/MS, and the results of ANOVA and Tukey’s HSD post hoc test are listed
in table 2, and those values were used to establish NIRS quantitative model as the standard values. The
total fat contents reveal significant differences between A. japonicus from different origins. Samples from
LZ showed statistically higher levels of total fat contents compared with those of samples from other
origins. By contrast, samples from XP showed lower levels of total fat contents.
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Figure 2. Original (a), second derivative after Savitsky—Golay smoothing with a window size of 17 points pre-processed (b) and second
derivative coupled vector normalization pre-processed (c) NIR diffuse reflectance spectra of A. japonicus samples.

Table 2. The value of total fat content in the body wall of A. japonicus from nine origins in China. XP, Xiapu; LZ, Laizhou; YT, Yantai; RS,
Rushan; QD, Qingdao; WFD, Wanfangdian; PLD, Pulandian; CH, Changhai; ZZ, Zhangzi Island.

abifference of total fat contents is significant (p < 0.05).
Total fat content was reported as mean values = standard deviation.

3.2. Results of partial least-squares model

The OPS algorithm was conducted as follows. The 189 original spectra of A. japonicus samples were
organized into a format matrix (189 x 700). After the pre-processing investigation, S.G smoothing with
17 spectral points before second derivative was chosen for quantitative model due to the lowest root
mean square error of cross-validation (RMSECV) and highest correlation coefficient of cross-validation
(R?) of calibration model. The equation of RMSECYV, the root mean square error of prediction (RMSEP)
and R? could be found in [42]. The original and pre-processed spectra are shown in figure 2.

The number of latent variables (I) of PLS model was also determined according to RMSECV and R?
values. The results of total FA content PLS models achieved by using different pre-processing methods
with optimum parameters are listed in table 3. When 17 points smoothing and SD was adopted, I equals
8, the lowest RMSECV (0.31) and highest R? (0.93) could be obtained.
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Table 3. The statistics of PLS models of total fat contents with different pre-processing methods. S.G(9.0)-SD, Savizky—Golay smoothing
(17 points) before second derivative; FD, first derivative; SD, second derivative; SNV, standard normal variate; MSC, multiplicative scatter
correction; VN, vector normalization; /, the number of latent variables; RMSECV, the root mean square error of cross-validation; RMSEP,
the root mean square error of prediction; R%, correlation coefficient.

pre-processed method | RMSECY RMSEP R (calibration) R? (test)

$.G(17.0)-SD 8 0.31 0.45 0.93 0.90
............. G e e e
............. wC T s
............. O S
............ ‘ [)+VN8031053090081
............. S

After [ value was investigated to build the optimal regression vector used in OPS, 30 regions from 700
absorbance variables were selected to build PLS model of total FA content. The detailed information of
selected wavelength regions and relevant absorption bands of functional groups are listed in table 4. The
selected regions were mainly associated with the vibration of functional groups of FAs.

The above optimized PLS model was used to predict the total fat contents of 41 samples in the test
set, and the scatter plots in figure 3 show the correlation between NIR prediction value and reference
GC/MS measurement for fat contents by optimized PLS model. The calibration and prediction data
revealed good correlation with reference measurement data in figure 3 where many data points fell on
or were close to the unity line.

3.3. Results of classification model

The flow chart of procedures for the ‘two-step” identification model establishment is shown in figure 4.
The spectral band assignments (in table 4) were presented in [29,32,42,43]. The 30 wavelength regions
selected by OPS for PLS model of total fat contents were also used for establishment of Step I
identification model. S.G smoothing with 17 points before SD was applied as a pre-processed method,
and PCA-MD method was performed on selected wavelength regions (in table 4, with superscript a).
After distinguishing by Step I model, 49 samples (red block in figure 4) entered into the tandem Step II
for further identification due to the ambiguous classification. The detailed discrimination results (values
of S) of Step Imodel are listed in table 5. In table 5, the samples listed in column ‘Groupstepr or Groupstepir”
were the ones that got the minimum difference with the samples in column ‘Group’ (minimum S value is
obtained), and these minimum S values are listed in column ‘St or Sy;’. Taking XP samples in the first line
(column Group) as an example, after the Step I classification, the ones that got the minimum difference
with them were the WFD samples (column Groupstepr), and the S value of Step I was 2.48 (S > 1), which
indicates that they can be completely separated, not necessary for the Step II classification. But as to the
CH samples in the seventh line, after the Step I classification, the ones that got the minimum difference
with them were the ZZ samples (column Groupstepr), and the S value of them was 0.51 (51 < 1), which
indicates that they have not been separated (overlapping), therefore they needed to go through the Step
II classification, and luckily the S value of Step II is 1.10 (Sy; > 1), which indicates that they have been
successfully separated into the correct clusters. The largest S; value was obtained from XP (2.48), and
the St value of each group in Step I model was larger than 1.06, except Sy values of CH (0.51), PLD
(0.04) and ZZ (0.04), which indicated significant differences among A. japonicus samples from XP, WFD,
QD, YT, RS and LZ origins. The results could also be seen from figure 5, where the three-dimensional
principal component space provided an overview of the ability of the NIRS identification model to
classify A. japonicus from nine origins in China Sea. The best discrimination was observed on the score
plots in three-dimensional space represented by PC2 (10.3%), PC3 (2.4%) and PC4 (0.3%) vectors. Though
the variance contribution rate of PC1 was up to 83.4%, PC1 was not adopted in model construction due
to its ambiguous classification. It was speculated that PC1 contained main chemical information of the
samples rather than different information between samples. As shown in figure 5, sea cucumber samples
from nine different origins were classified into seven concentrated districts. The XP samples could be
completely separated from samples of other origins, and the good classification result of samples from
XP could be attributed to the significantly different water environments and food sources between the
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Table 4. Wavelength regions selected by OPS algorithm for establishing PLS regression model of total fat contents and identification n
model.

region selected selected wavelength regions (nm) vibrational modes® functional groups
145-1208° second overtone of (—H (H, CHs

—_
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Wavelength regions for establishing Step | calibration model.
bWavelength regions for establishing Step Il calibration model.
The spectral band assignments were referred to in [29,32,42,43].

East China Sea and the northern China Sea. On the contrary, the distributions of samples from PLD, ZZ
and CH were partially overlapped, which was coincident with their adjacent geographical locations in
Yellow Sea, resulting in the similarity in water environments and food sources.
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Figure 3. Correlation between the NIRS predicted values and the reference values of total fat in A. japonicus samples by PLS in Step |
quantitative model (148 samples in calibration set, in black; 41 samples in test set, in red).
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Figure 4. The flow chart of procedures for the ‘two-step’ identification model establishment. Samples in green blocks represent
unambiguous classified and samples in red block represent ambiguous classified. XP, Xiapu; LZ, Laizhou; YT, Yantai; RS, Rushan; QD,
Qingdao; WFD, Wanfangdian; PLD, Pulandian; CH, Changhai; ZZ, Zhangzi Island.

-
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The 49 samples (red block in figure 4) that were not successfully classified by Step I model were
subsequently separated by the tandem Step II model. SD-VN was used as the pre-processing method,
and the scaling to the first range algorithm was performed on 25 wavelength regions selected by OPS
(with superscript b, listed in table 4). Finally, Sy; for CH, PLD and ZZ were all larger than 1.10, which
indicated that A. japonicus samples from CH, PLD and ZZ origins could be properly classified. And the
overall results of Step II are shown in table 5.

The 45 samples in the validation set were classified using the established models, and none of
them was identified as the wrong class. The overall results indicated that, though the sea cucumber
samples investigated in this work belonged to the same species, different geographical regions and water
environments would lead to discriminative constituents which revealed discrepant spectral information
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Figure 5. Score plots with three principal components (PCs) for Step | calibration set samples from nine origins including Changhai (CH),
Wafangdian (WFD), Zhangzilsland (ZZ), Pulandian (PLD), Qingdao (QD), Rushan (RS), Yantai (YT), Laizhou (LZ), Xiapu (XP), which were
obtained by second derivative after Savitsky—Golay smoothing with a window size of 17 points pre-processed.

Table 5. The results of identification model. S;: S value of Step | model; S;: S value of Step Il model; S > 1: the classes are completely
separated; S = 1: the classes are in contact; S < 1: the classes are overlapping.
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of samples, and NIRS technique combined with chemometric analysis was a feasible tool to correctly
classify A. japonicus samples from nine origins in China Sea.

4, Conclusion

In this work, the origin traceability and identification method developed by NIRS combined with
chemometric analysis provides a satisfactory predictive ability for A. japonicus samples from nine origins
in China. The correct classification rate by means of the classification model reached to 100%. Moreover,
the established PLS model was suitable for the determination of total fat contents of sea cucumber. It is
worth mentioning that the NIRS method does not require any complex pre-processing of samples, and
the utilization of reflectance fibre-optic probe makes it possible for in situ online detection of wild sea
cucumbers. Nonetheless, before the NIRS method can be practically applied to origin traceability and
identification in sea cucumber industry, more extensive samples are needed to improve the accuracy and
applicability of the identification models.

Data accessibility. Our data are deposited at Dryad (http://dx.doi.org/10.5061/dryad.n1066) [44].

L1071 3§ "D uado 05y BaoBuysiigndiaposiefor'sos:


http://dx.doi.org/10.5061/dryad.n1066

Authors’ contributions. X.G. carried out the identification work, participated in sample collection, data analysis, the design
of the study and drafted the manuscript; R.C. carried out the statistical analyses; S.W. collected NIR and GC data;
T.B. carried out the NIR spectra collection; Y.L. carried out the GC analyses; W.Z. conceived of the study, designed the

study, coordinated the study and helped draft the manuscript. All authors gave final approval for publication.
Competing interests. The authors declare no competing interests.
Funding. This work was supported by grants from the State Science and Technology Support Program of China (no.
2015BAD17B05).

Acknowledgements. We thank Shandong Oriental Ocean Co. Ltd, Fishery Bureau of Wafangdian and Zhangzidao Group

Co. Ltd for suggestion and guidance of capturing wild sea cucumbers.

References

Correia-da-Silva M, Sousa E, Pinto MMM, Kijjoa A.
2017 Anticancer and cancer preventive compounds

LWT-Food Sdi. Technol. 63,720~725. (doi:10.1016/;.
Iwt.2015.03.021)

2.

Glassey J, Barone A, Montague GA, Sabou V. 2017
(ase studies in modelling, control in food processes.

from edible marine organisms. Semin. Cancer Biol. 12. CaiR, Wang S, Meng Y, Meng Q, Zhao W. 2012 Rapid Adv. Biochem. Eng. Biotechnol. 161, 93-120.
46, 55—64. (doi:10.1016/j.semcancer.2017.03.011) quantification of flavonoids in propolis and previous (doi:10.1007/10_2017_13)

2. Bordbar$, Anwar F, Saari N. 2011 High-value study for classification of propolis from different 22. Schmutzler M, Huck CW. 2016 Simultaneous
components and bioactives from sea cucumbers for origins by using near infrared spectroscopy. Anal. detection of total antioxidant capacity and total
functional foods—a review. Mar. Drugs 9, Methods 4, 2388-2395. (doi:10.1039/2ay25184a) soluble solids content by Fourier transform
1761-1805. (d0i:10.3390/md9101761) 13. Siriphollakul P, Nakano K, Kanlayanarat S, Ohashi S, near-infrared (FT-NIR) spectroscopy: a quick and

3. Ibrahim DM, Radwan RR, Abdel Fattah SM. 2017 Sakai R, Rittiron R, Maniwara P. 2017 Eating quality sensitive method for on-site analyses of apples.
Antioxidant and antiapoptotic effects of sea evaluation of Khao Dawk Mali 105 rice using Food Control 66, 27-37. (d0i:10.1016/j.foodcont.
cucumber and valsartan against near-infrared spectroscopy. LWT-Food Sci. Technol. 2016.01.026)
doxorubicin-induced cardiotoxicity in rats: the role 79,70-77. (doi:10.1016/j.Iwt.2017.01.014) 23. Amenta M, Fabroni S, Costa C, Rapisarda P. 2016
of low dose gamma irradiation. J. Photochem. 14. Carames ETS, Alamar PD, Poppi RJ, Pallone JAL. 2017 Traceability of ‘Limone di Siracusa PGI’ by a
Photobiol. B170,70-78. (di:10.1016/j.jphoto Rapid assessment of total phenolic and multidisciplinary analytical and chemometric
biol.2017.03.022) anthocyanin contents in grape juice using infrared approach. Food Chem. 211, 734-740.

4. LiuX,Xue G, Wang Y, LiZ, Xue Y, Xu J. 2012 The spectroscopy and multivariate calibration. Food (doi:10.1016/j.foodchem.2016.05.119)
classification of sea cucumber (Apostichopus Anal. Meth. 10,1609-1615. (doi:10.1007/512161- 24. 0'Brien N, Hulse CA, Pfeifer F, Siesler HW. 2013 Near
Jjaponicus) according to region of origin using 016-0721-1) infrared spectroscopic authentication of seafood. J.
multi-element analysis and pattern recognition 15. ZengJ, Zhang XL, Guo ZM, Feng JT, Zeng JG, Xue XY, Near Infrared Spectrosc. 21,299-305.
techniques. Food Control 23, 522-527. Liang XM. 2012 Separation and identification of (doi:10.1255/jnirs.1063)
(d0i10.1016/j.foodcont.2011.08.025) flavonoids from complex samples using off-line 25. Tito NB, Rodernann T, Powell SM. 2012 Use of near

5. ZhangX, LiuY, LiY,Zhao X. 2017 Identification of the two-dimensional liquid chromatography tandem infrared spectroscopy to predict microbial numbers
geographical origins of sea cucumber (Apostichopus mass spectrometry. J. Chromatogr. A 1220, 50-56. on Atlantic salmon. Food Microbiol. 32, 431-436.
japonicus) in northern China by using stable isotope (doi:10.1016/j.chroma.2011.11.043) (doi:10.1016/}.fm.2012.07.009)
ratios and fatty acid profiles. Food Chem. 218, 16. Soto-Barajas MC, Zabalgogeazcoa , 26. Badia-Melis R, Mishra P, Ruiz-Garcia L. 2015 Food
269-276. (d0i:10.1016/j.foodchem.2016.08.083) Gonzalez-Martin |, Vazquez-de-Aldana BR. 2017 traceability: new trends and recent advances. A

6. WuZTaol,ZhangP,LiP,ZhuQ, TianY,DuG, Lv M, Qualitative and quantitative analysis of endophyte review. Food Control 57, 393—401. (d0i:10.1016/j.
Yang T. 2010 Diffuse reflectance mid-infrared alkaloids in perennial ryegrass using near-infrared foodcont.2015.05.005)

Fourier transform spectroscopy (DRIFTS) for rapid spectroscopy. J. Sci. Food Agric. 97, 5028—5036. 27. Taol, WuZ, Zhang P, LiL, Liu C. 2011 Rapid
identification of dried sea cucumber products (doi:10.1002/jsfa.8383) identification of dried sea cucumber products from
from different geographical areas. Vib. Spectrosc.53, ~ 17. Tierno R, Lopez A, Riga P, Arazuri S, Jaren C, different geographical areas by near-infrared
222-226. (doi:10.1016/j.vibspec.2010. Benedicto L, Ruiz de Galarreta JI. 2016 spectroscopy. Trans. CSAE 27, 3. (doi:10.3969/j.issn.
03.008) Phytochemicals determination and classification in 1002-6819.2011.05.063)

7. WenJ, Zeng L. 2014 Use of species-specific PCR for purple and red fleshed potato tubers by analytical 28. Teofilo RF, Martins JPA, Ferreira MMC. 2009 Sorting
the identification of 10 sea cucumber species. Chin. methods and near infrared spectroscopy. J. Sci. Food variables by using informative vectors as a strategy
J. Oceanol. Limnol. 32,1257-1263. (doi:10.1007/ Agric. 96, 1888-1899. (d0i:10.1002/jsfa.7294) for feature selection in multivariate regression.
500343-015-4050-9) 18. CasianT, Reznek A, Vonica-Gligor AL, Van J. Chemom. 23, 32-48. (doi:10.1002/cem.

8. (Concollato A, Parisi G, Masoero G, Romvari R, Olsen Renterghem J, De Beer T, Tomuta I. 2017 192)

R-E, Zotte AD. 2016 Carbon monoxide stunning of Development, validation and comparison of near 29. Ribeiro JS, Ferreira MMC, Salva TJG. 2011

Atlantic salmon (Salmo salar L.) modifies rigor infrared and Raman spectroscopic methods for fast Chemometric models for the quantitative

mortis and sensory traits as revealed by NIRS and characterization of tablets with amlodipine and descriptive sensory analysis of Arabica coffee
other instruments. J. Sci. Food Agric. 96, 3524—3535. valsartan. Talanta 167, 333-343. (d0i:10.1016/j. beverages using near infrared spectroscopy.
(d0i:10.1002/jsfa.7537) talanta.2017.01.092) Talanta 83, 1352-1358. (doi:10.1016/j.talanta.2010.

9. Urraca R, Sanz-Garcia A, Tardaguila J, Diago MP. 19. Guillemain A, Dégardin K, Roggo Y. 2017 11.001)

2016 Estimation of total soluble solids in grape Performance of NIR handheld spectrometers for the 30. Caliari [P, Barbosa MHP, Ferreira SO, Tedfilo RF. 2017
berries using a hand-held NIR spectrometer under detection of counterfeit tablets. Talanta 165, Estimation of cellulose crystallinity of sugarcane
field conditions. J. Sci. Food Agric. 96, 3007-3016. 632—640. (doi:10.1016/j.talanta.2016.12.063) biomass using near infrared spectroscopy and
(d0i:10.1002/jsfa.7470) 20. LeLMM, Eveleigh L, Hasnaoui |, Prognon P, multivariate analysis methods. Carbohydr.

10. Mabood F et al. 2017 Development of new Baillet-Guffroy A, Caudron E. 2017 Rapid Polym. 158, 20-28. (d0i:10.1016/j.carbpol.2016.
NIR-spectroscopy method combined with discrimination and determination of antibiotics 12.005)
multivariate analysis for detection of adulteration drugs in plastic syringes using near infrared 31. XuQ, XuQ, Zhang X, Peng Q, Yang H. 2015 Fatty acid
in camel milk with goat milk. Food Chem. 221, spectroscopy with chemometric analysis: component in sea cucumber Apostichopus japonicus
746-750. (doi:10.1016/j.foodchem.2016.11.109) application to amoxicillin and penicillin. J. Pharm. from different tissues and habitats. J. Mar. Biol.

11. Alamprese C, Casiraghi E. 2015 Application of FT-NIR Biomed. Anal. 138, 249-255. (d0i:10.1016/j.jpba. Assoc. UK 96,197-204. (doi:10.1017/5002531541

and FT-IR spectroscopy to fish fillet authentication.

2017.02.019)

500168x)

pL10/L§ s Uado 205y BioBuysiigndiapos|edorsos!


http://dx.doi.org/10.1016/j.semcancer.2017.03.011
http://dx.doi.org/10.3390/md9101761
http://dx.doi.org/10.1016/j.jphotobiol.2017.03.022
http://dx.doi.org/10.1016/j.jphotobiol.2017.03.022
http://dx.doi.org/10.1016/j.foodcont.2011.08.025
http://dx.doi.org/10.1016/j.foodchem.2016.08.083
http://dx.doi.org/10.1016/j.vibspec.2010.03.008
http://dx.doi.org/10.1016/j.vibspec.2010.03.008
http://dx.doi.org/10.1007/s00343-015-4050-9
http://dx.doi.org/10.1007/s00343-015-4050-9
http://dx.doi.org/10.1002/jsfa.7537
http://dx.doi.org/10.1002/jsfa.7470
http://dx.doi.org/10.1016/j.foodchem.2016.11.109
http://dx.doi.org/10.1016/j.lwt.2015.03.021
http://dx.doi.org/10.1016/j.lwt.2015.03.021
http://dx.doi.org/10.1039/c2ay25184a
http://dx.doi.org/10.1016/j.lwt.2017.01.014
http://dx.doi.org/10.1007/s12161-016-0721-1
http://dx.doi.org/10.1007/s12161-016-0721-1
http://dx.doi.org/10.1016/j.chroma.2011.11.043
http://dx.doi.org/10.1002/jsfa.8383
http://dx.doi.org/10.1002/jsfa.7294
http://dx.doi.org/10.1016/j.talanta.2017.01.092
http://dx.doi.org/10.1016/j.talanta.2017.01.092
http://dx.doi.org/10.1016/j.talanta.2016.12.063
http://dx.doi.org/10.1016/j.jpba.2017.02.019
http://dx.doi.org/10.1016/j.jpba.2017.02.019
http://dx.doi.org/10.1007/10_2017_13
http://dx.doi.org/10.1016/j.foodcont.2016.01.026
http://dx.doi.org/10.1016/j.foodcont.2016.01.026
http://dx.doi.org/10.1016/j.foodchem.2016.05.119
http://dx.doi.org/10.1255/jnirs.1063
http://dx.doi.org/10.1016/j.fm.2012.07.009
http://dx.doi.org/10.1016/j.foodcont.2015.05.005
http://dx.doi.org/10.1016/j.foodcont.2015.05.005
http://dx.doi.org/10.3969/j.issn.1002-6819.2011.05.063
http://dx.doi.org/10.3969/j.issn.1002-6819.2011.05.063
http://dx.doi.org/10.1002/cem.1192
http://dx.doi.org/10.1002/cem.1192
http://dx.doi.org/10.1016/j.talanta.2010.11.001
http://dx.doi.org/10.1016/j.talanta.2010.11.001
http://dx.doi.org/10.1016/j.carbpol.2016.12.005
http://dx.doi.org/10.1016/j.carbpol.2016.12.005
http://dx.doi.org/10.1017/s002531541500168x
http://dx.doi.org/10.1017/s002531541500168x

32

33.

34,

35.

36.

Lu'WZ, Yuan HF, Xu GT. 2000 Modern near infrared
spectroscopy analytical technology. Beijing, People’s
Republic of China: Petrochemical Corporation.
LuH, WangS, Cai R, Meng Y, Xie X, Zhao W. 2012
Rapid discrimination and quantification of alkaloids
in Corydalis Tuber by near-infrared spectroscopy. J.
Pharm. Biomed. Anal. 59, 44—49. (d0i:10.1016/j.
jpba.2011.09.037)

Folch J, Lees M, Stanley GHS. 1957 A simple method
for the isolation and purification of total lipides
from animal tissues. J. Biol. Chem. 226,

497-509.

Barnes RJ, Dhanoa MS, Lister SJ. 1989 Standard
normal variate transformation and de-trending of
near-infrared diffuse reflectance spectra. Appl.
Spectrosc. 43, 772-777. (d0i:10.1366/00037028
94202201)

Rinnan A, van den Berg F, Engelsen SB. 2009
Review of the most common pre-processing
techniques for near-infrared spectra. TRAC Trends

37.

38.

39.

40.

Anal. Chem. 28,1201-1222. (doi:10.1016/j.trac.2009.
07.007)

Savitzky A, Golay MJE. 1964 Smoothing and
differentiation of data by simplified least squares
procedures. Anal. Chem. 36,1627-1639. (doi:10.10
21/ac60214a047)

Eshensen K, Geladi P, Larsen A. 2014 Myth: light
travels to and from the sample in a fibre-optic cable
without problems. NIR News 25, 25-26.
(doi:10.1255/nirn.1475)

Bazar G, Romvari R, Szabo A, Somogyi T, Eles V,
Tsenkova R. 2016 NIR detection of honey
adulteration reveals differences in water spectral
pattern. Food Chem. 194, 873—880. (doi:10.1016/j.
foodchem.2015.08.092)

Wang SS, Luo LJ, Li YQ, Cai R, Zhao WJ. 2013
Qualitative and quantitative analysis of effective
components in fructus ligustri lucidi by near
infrared spectroscopy. Anal. Methods 5, 3045-3049.
(doi:10.1039/c3ay40190a)

4.

4.

3.

LiC, Zhao Y, Guo Z, Zhang X, Xue X, Liang X. 2014
Effective 2D-RPLC/RPLC enrichment and separation
of micro-components from Hedyotis diffusa Willd.
and characterization by using ultra-performance
liquid chromatography/quadrupole time-of-flight
mass spectrometry. J. Pharm. Biomed. Anal. 99,
35-44. (d0i:10.1016/j.jpba.2014.06.020)

Workman JWL. 2007 Practical guide to interpretive
near-infrared spectroscapy. Boca Raton, FL: Taylor &
Francis Group.

Xiaobo Z, Jiewen Z, Povey MJW, Holmes M, Hanpin
M. 2010 Variables selection methods in
near-infrared spectroscopy. Anal. Chim. Acta 667,
14-32. (doi:10.1016/j.aca.2010.03.048)

. GuoX, CaiR, Wang S, Tang B, Li Y, Zhao W. 2018 Data

from: Non-destructive geographical traceability of
sea cucumber (Apostichopus japonicus) using near

infrared spectroscopy combined with chemometric
methods. Dryad Digital Repository. (http://dx.doi.

0rg/10.5061/dryad.n1066)

L1071 56 ‘P uado 205y BaoBuysiigndiaposeforsos:


http://dx.doi.org/10.1016/j.jpba.2011.09.037
http://dx.doi.org/10.1016/j.jpba.2011.09.037
http://dx.doi.org/10.1366/0003702894202201
http://dx.doi.org/10.1366/0003702894202201
http://dx.doi.org/10.1016/j.trac.2009.07.007
http://dx.doi.org/10.1016/j.trac.2009.07.007
http://dx.doi.org/10.1021/ac60214a047
http://dx.doi.org/10.1021/ac60214a047
http://dx.doi.org/10.1255/nirn.1475
http://dx.doi.org/10.1016/j.foodchem.2015.08.092
http://dx.doi.org/10.1016/j.foodchem.2015.08.092
http://dx.doi.org/10.1039/c3ay40190a
http://dx.doi.org/10.1016/j.jpba.2014.06.020
http://dx.doi.org/10.1016/j.aca.2010.03.048
http://dx.doi.org/10.5061/dryad.n1066
http://dx.doi.org/10.5061/dryad.n1066

	Introduction
	Material and methods
	Apparatus and reagents
	Sample collection and preparation
	Spectra collection
	Quantitative analysis of total fat contents in Apostichopus japonicus
	Chemometric processing

	Results and discussion
	Quantitative analysis of total fat contents by gas chromatography/mass spectrometry
	Results of partial least-squares model
	Results of classification model

	Conclusion
	References

